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ABSTRACT 31 

Phylogenetic analysis of more than 4000 annotated bacterial acid phosphatases was 32 

carried out. Our analysis enabled us to sort these enzymes into the following three 33 

types: 1) class B acid phosphatases, which were distantly related to the other types, 2) 34 

class C acid phosphatases, and 3) generic acid phosphatases (GAP). While class B 35 

phosphatases are found in a limited number of bacterial families, which include known 36 

pathogens, class C acid phosphatases and GAP proteins are found in a variety of 37 

microbes that inhabit soil, fresh water and marine environments. As part of our analysis 38 

we developed three profiles, named Pfr-B-Phos, Pfr-C-Phos and Pfr-GAP, to describe the 39 

three groups of acid phosphatases. These sequence-based profiles were then used to 40 

scan genomes and metagenomes to identify a large number of formerly unknown acid 41 

phosphatases. A number of proteins in databases annotated as hypothetical proteins 42 

were also identified by these profiles as putative acid phosphatases.  To validate these 43 

in silico results, we cloned genes encoding candidate acid phosphatases from genomic 44 

DNA, or recovered from metagenomic libraries or genes synthesized in vitro based on 45 

protein sequences recovered from metagenomic data. Expression of a number of these 46 

genes, followed by enzymatic analysis of the proteins, further confirmed that sequence 47 

similarity searches using our profiles could successfully identify previously unknown acid 48 

phosphatases. 49 

 50 

 51 

INTRODUCTION 52 

Phosphorous is a major component of cells in all living organisms and all prokaryotic and 53 

eukaryotic cells have developed mechanisms for the uptake of inorganic phosphate, 54 

which is used in the biosynthesis of phospholipids, sugar phosphates, nucleotides and 55 

other molecules (Barea and Richardson, 2015). Despite phosphorous being one of the 56 

most abundant non-metallic elements in the earth’s crust, it is frequently found in forms 57 

that are not bioavailable - a reality that often leads to phosphorous nutrient limitation 58 

(Ågren et al., 2012; Sosa et al., 2019). Inorganic phosphorous forms are often solubilized 59 

by plants and microorganisms (bacteria and fungi) through the production of weak acids 60 
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(Barea and Richardson, 2015). However, a number of common organic phosphorous 61 

compounds (i.e., phytic acid, sugar phosphates, nucleotides, phospholipids and others) 62 

must be first hydrolysed by phosphatases to yield inorganic phosphate, which can 63 

subsequently be taken up by microorganisms and plants to be used as a phosphorous 64 

source (Hayes et al., 2000; Alori et al., 2017; Thomashow et al., 2018). Evidence suggests 65 

that phosphatase activity in soils and aquatic environments is of ecological relevance 66 

and is a driver of the productivity of terrestrial ecosystems (Turner et al., 2013; Margalef 67 

et al., 2017) and influence primary and secondary production in fresh waters and marine 68 

environments (Martiny et al., 2019).  69 

There are two types of phosphatases among the phosphoric ester hydrolases which are 70 

defined based on their optimal pH. Alkaline phosphatases are a broad group of well 71 

characterized enzymes that use different mechanisms and co-factors to carry out their 72 

function (Mullaney and Ullah, 2003; Ragot et al., 2015; Lidbury et al., 2017; Neal et al., 73 

2018). Acid phosphatases are, in general, non-specific phosphatases with broad 74 

substrate specificity and are often secreted across the outer membrane or are located 75 

in the periplasmic space (Thaller et al., 1997). At least three different types of 76 

prokaryotic phosphatases that function at acidic pH have been distinguished mainly 77 

based on their sequences; they are known as types A, B and C (Thaller et al., 1997; 78 

Lidbury et al., 2017; Neal et al., 2018). It was noted that the B class phosphatases are 79 

generally associated with pathogenic microbes while the other types are widely 80 

distributed in nature (Neal et al., 2018). While the importance of acid phosphatases to 81 

the acquisition of phosphorous in soils, fresh waters and marine environments (Neal et 82 

al., 2018); Margalef et al (2017) compiled phosphatase activities from a large number 83 

studies of natural ecosystems and made 329 observations for acid phosphatases versus 84 

72 for alkaline phosphatases, highlighting the environmental importance of  acid 85 

phosphatases. 86 

The work described here aims to contribute further to the understanding of organic 87 

phosphorous mobilisation in the environment by acid phosphatases. To this end we 88 

developed three robust profiles that can unequivocally identify the different types of 89 

acid phosphatase types. We have empirically validated the profiles by cloning and 90 
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expression of putative acid phosphatases rescued from genomes, or recovered from 91 

functional metagenomic libraries or genes synthesized in vitro based on protein 92 

sequences recovered from metagenomic libraries (Fierer et al., 2013; Berini et al., 2017; 93 

Duque et al., 2018). This profiling methodology will serve as a valuable resource for the 94 

identification of these important enzymes within the preponderance of already 95 

sequenced genomes and widely available metagenomic data. Furthermore, this study 96 

provides a proof-of-concept for the successful use of profiles to characterize enzymes 97 

involved in biogenic cycles. 98 

 99 

RESULTS AND DISCUSSION 100 

As a first step towards the identification of bacterial acid phosphatases we retrieved 101 

4644 sequences annotated as bacterial acid phosphatases (either due to protein name 102 

or Pfam domain composition) from the Uniprot Database (UniProt: a worldwide hub of 103 

protein knowledge, 2019). A phylogenetic tree was constructed with a refined set of 104 

3741 protein sequences (see Experimental Procedures) and the results are shown in 105 

Figure 1. The bacterial acid phosphatase tree has, as expected, three clear branches; one 106 

represented by the outer blue circle which corresponds to class B (Figure 1), another 107 

represented by the outer purple circle that corresponds to class C and the other 108 

represented by the outer green circle that corresponds to Generic Acid Phosphatases 109 

class A (GAP) (Figure 1). Supplementary Table 1 contains information collected from the 110 

Uniprot database for each of the refined datasets of acid phosphatases. The 111 

phylogenetic tree from Supplementary Figure 1 shows that acid phosphatases from class 112 

GAP, B and C belong to three well defined monophyletic groups. The unrooted tree also 113 

revealed that sequences from class A and C are closest relatives and therefore 114 

sequences from class B are from an evolutionary point of view more distant from the 115 

other two. 116 

The blue branch of the tree grouped 512 sequences that corresponded with annotated 117 

acid phosphatases of class B, the purple branch included 1701 sequences of annotated 118 

class C acid phosphatases; while the other set, which we named GAP, comprised 1528 119 

non-specific class A acid phosphatases. The analysis of the sequences at the family level 120 
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showed that class C and GAP proteins were found widely distributed among microbes 121 

that inhabit soils, fresh water and marine environments. In contrast, class B acid 122 

phosphatases are present in a limited number of microbial families which include 123 

Enterobacteriaceae, Pasteurellaceae, Morganellaceae, Aeromonadaceae and 124 

Vibrionaceae (Figure 1 and 2), of which some are pathogens (supplementary Table 2A, 125 

2B, 2C). Conversely, it should be noted that class C and GAP acid phosphatases were also 126 

present in some Enterobacteriaceae. For example, in Salmonella and Klebsiella genomes 127 

GAP proteins were identified and in a number of Enterobacter species (mainly cloacae) 128 

class C proteins were found. In contrast in the Escherichia coli species, despite being a 129 

broad taxonomic group (Abram et al., 2020), only class B acid phosphatases were 130 

identified (supplementary Table 2). 131 

Bacterial acid phosphatases have previously been identified through a number of 132 

signatures; for example, the database of families and domain proteins PROSITE (Sigrist 133 

et al., 2002) identified bacterial acid phosphatase sequences based on short sequence 134 

pattern motifs defined by the signature PS01157 (pattern G-S-Y-P-S-G-H-T). The 135 

compendium of protein fingerprints PRINTS database (Attwood et al., 2000), contains 136 

the signature PR00483 which corresponds to a 5-element fingerprint from bacterial acid 137 

phosphatases derived from an initial alignment of a limited number of sequences. Four 138 

profiles were available from TIGRFAM database that were constructed using a limited 139 

set of acid phosphatase sequences (TIGR03397, 01675, 01672 and 01668); however, 140 

these profiles were found to have no discriminatory power. Other databases, such as 141 

Pfam domain protein database (El-Gebali et al., 2019) and Simple Modular Architecture 142 

Research Tool (SMART) (Letunic and Bork, 2018) contain a number of entries related to 143 

identification and classification of bacterial acid phosphatases. Nonetheless, none of the 144 

above motifs and classifications distinguish unequivocally between the three classes of 145 

bacterial acid phosphatases. 146 

To establish a new criterion defining the three kinds of acid phosphatases represented 147 

in the phylogenetic tree, we decided to explore the construction of PROSITE generalized 148 

profiles, which are not available in the PROSITE database (https://prosite.expasy.org). 149 

Profiles are weight matrices that are useful for grouping proteins into families (Gromiha, 150 

https://prosite.expasy.org/
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2010) and use quantitative motif descriptors which are given as linear sequences that 151 

comprise weighted match or mismatch residues and insert sequences in a profile 152 

position (Sigrist et al., 2002). Given that the phylogenetic tree defined three branches, 153 

according to differences in their amino acid sequences, we expected that a Profile for 154 

each of the branches would result in a net gain in specificity for identification and 155 

assignation of the entire collection of bacterial acid phosphatases. 156 

To construct the three new profiles, we proceeded as suggested by PROSITE 157 

(https://prosite.expasy.org/prosuser.html#meth_prf). To create these profiles, we used 158 

the three sets of proteins identified in each of the branches of the tree, the profile for 159 

class B phosphatases (Prf-B-Phos) was constructed using a set of 512 seed sequences, 160 

for the profile for class C we used 1701 sequences while for the profile for GAP (Pfr-161 

GAP), due to the high variability in the sequence similarity and sequence length from 162 

members of this class, we used a filtered set of 948 out of the 1528 sequences from the 163 

previous analysis (supplementary Tables 3A, 3B and 3C). The three profiles obtained in 164 

this study are publicly available in supplementary Table 4. The generation of a profile 165 

requires a multiple-alignment of the seed sequences as input, which was performed 166 

using Muscle (Edgar, 2004). The consensus sequences derived from the multiple-167 

alignments (supplementary Tables 3A, 3B and 3C) showed conserved regions with high-168 

sequence identity scattered throughout the full sequence of the proteins. This reflects 169 

the existence of several functional constraint regions, with lower site-specific 170 

substitution ratio distributed along the protein sequences belonging to each of the 171 

classes. This is in contrast with most sequence patterns where high-sequence identity 172 

regions are restricted to active sites, cofactor binding domains or specific DNA binding 173 

regions (Fuglebakk et al., 2012). 174 

The multiple-alignment revealed that the short patterns used previously to define these 175 

acid phosphatases were in a wider sequence identity context and this warranted the 176 

construction of profiles to encompass the full gamut of acid phosphatase sequences 177 

belonging to these families. We used the script pfmake to translate the multiple-178 

alignment into a matrix table of positions and convert frequency distributions into 179 

positive specific amino acid weights and gaps according to the original algorithms of 180 

https://prosite.expasy.org/prosuser.html#meth_prf
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Sibbald and Argos (Sibbald and Argos, 1990) and Gribskov et al (1987). Once the profiles 181 

were constructed we proceeded to calibrate and validate the profiles as recommended 182 

by PROSITE (described in Experimental Procedures), for this the profiles were run against 183 

a database to produce a list of sorted scores. It has been previously empirically 184 

determined that cut-off values of Z-scores equal or greater than 8.5 are biologically 185 

significant and warrant the correct assignment of a protein to a family (Gallegos et al., 186 

1997; Sigrist et al., 2002; Godoy et al., 2010). 187 

As a proof of concept, the three profiles were used as input for pfsearch v2.3 from the 188 

PTOOLS suite to scan the complete set of Uniref100 proteins (downloaded from the 189 

UniProt database on May 24, 2019). As a result, 6000 proteins were matched with Pfr-190 

GAP (Figure 3 and Supplementary Figure 2), 2132 protein sequences were matched by 191 

the Pfr-B-Phos (Figure 3 and Supplementary Figure 3) and 10494 with Pfr-C-Phos (Figure 192 

3 and Supplementary Figure 4). 193 

We found that Pfr-B-Phos identified acid phosphatases preferentially from 194 

enterobacteria, vibrios and other microorganisms mainly from orders Pasteurellales and 195 

Bacillales (see Supplementary Figure 3) whose life style indicated a close relationship 196 

with eukaryotes, as mentioned above, and confirming previous studies (Gandhi and 197 

Chandra, 2012; Neal et al., 2018). Conversely, we found that Pfr-C-Phos and Pfr-GAP 198 

identified acid phosphatases from a variety of different sources in a highly-specific and 199 

sensitive manner, including Acidobacteria, Actinobacteria, alpha, beta, gamma and 200 

epsilon proteobacteria, Firmicutes, Verrumicrobia, and Bacterioidetes among many 201 

others (see supplementary Figure 2, and supplementary Figure 4). The results obtained 202 

with the three profiles against Uniref100 database (Suzek et al., 2015) demonstrated the 203 

ability of Pfr-GAP, Pfr-C-Phos and Pfr-B-Phos to discriminate between all classes of acid 204 

phosphatases displayed in the phylogenetic tree and within a wide taxonomic range. It 205 

is worth noting that although the three profiles were developed using only bacterial 206 

sequences, presumed eukaryotic acid phosphatases were also found in all cases. The 207 

complete set of raw hits sorted by output score is shown in supplementary Table 5. 208 

Remarkably, although these are non-filtered results, the high accuracy of the three 209 

profiles allowed the identification of proteins belonging to each of the classes at very 210 
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low score numbers. The specificity of the profiles also identified a large number of 211 

putative acid phosphatase sequences which were annotated in the Uniref100 database 212 

as “uncharacterized protein”. 213 

To further validate the new profiles, we decided to test if Pfr-GAP, Pfr-C-Phos, and Pfr-214 

B-Phos could identify acid phosphatases within available annotated whole genomes, in 215 

metagenomic libraries in which proteins are annotated as Hypothetical Proteins of 216 

unknown function, as well as proteins recovered from functional metagenomic libraries 217 

after screening for positive phosphatase activity. We found that the Pfr-GAP, Pfr-C-Phos 218 

and Pfr-B-Phos profiles could indeed identify a number of potential acid phosphatases 219 

in all of these screens. Specifically, we found that in the annotated reference genomes 220 

collected from the NCBI database 4649 proteins were identified by the Prf-A GAP profile, 221 

862 by the Pfr-C-Phos profile and 128 proteins by the Pfr-B-phos profile (Figure 3). For 222 

most type strains the number of GAP acid phosphatases and class C was between 1 and 223 

3, although we found 13 genomes with 6 GAP acid phosphatases and 2 genomes with 224 

up to 5 class C acid phosphatase. In those genomes in which an acid phosphatase of class 225 

B was present, a single gene was always found, except in one case in which a duplication 226 

was identified, and another genome which bore 4 class B acid phosphatase genes. As 227 

validation of the proof of concept, we rescued acid phosphatases from the genomes of 228 

two microorganisms (i.e., Pyrococcus, and Bacillus subtilis strain 168). A search using the 229 

three profiles with pfsearch against the genomes of Pyrococcus furiosus DSM 3638, and 230 

Bacillus subtilis str. 168 identified the protein sequences PF0040 and BSU_36530 as 231 

putative GAP acid phosphatases, encoded in each genome respectively. Bacillus subtilis 232 

BSU_36530 was previously annotated as undecaprenyl diphosphatase, while PF0040 233 

from P. furiosus was annotated as an acidic acid phosphatase. To confirm these ‘hits’ 234 

empirically, we used whole chromosomal DNA from these microorganisms and cloned 235 

the amplified DNA into pET28 as described in Experimental Procedures (Table 1). 236 

As an initial step for confirmation of phosphatase activity, we spread the cells on LB 237 

medium supplemented with BCIP and found that colonies turned deep blue, suggesting 238 

that the cloned genes encoded, as expected, phosphatases. A single random clone 239 

bearing the gene from each of the two microorganisms was kept. Then, cells were grown 240 
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in liquid LB and acid phosphatase activity determined over a wide pH range in 241 

permeabilised cells as described in Experimental Procedures. The results revealed that 242 

the optimal pH was in the range of 5 to 6 (Table 2). 243 

Our laboratory previously screened a functional metagenomic library from 244 

hydrocarbon-polluted soil after land farming and identified a clone, named FOS M2-62, 245 

that had robust phosphatase activity (see Experimental Procedures). The fosmid of this 246 

clone was sequenced and our profiles were used to identify it as a putative GAP acid 247 

phosphatase.  We subsequently cloned it into pET28 to generate pET28_FOS M2-62. 248 

Phosphatase assays revealed that the AP-M2-62 protein had high activity between pH 5 249 

and pH 7 (Table 2), but lower activity at pH greater than 7 or lower than 5. This suggests 250 

that AP-M2-62 is indeed an acid phosphatase. 251 

We then explored the ability of our constructed profiles to identify hypothetical proteins 252 

as putative acid phosphatase from metagenomic libraries. To this end we screened 253 

1,552,866 hypothetical proteins from soil metagenomes and 4,925,568 sequences from 254 

marine metagenomes (downloaded in June 2019 from the NCBI database) and we found 255 

that the search yielded a total of 539 hypothetical proteins from the soil metagenome 256 

and 351 hypothetical proteins from marine metagenomes using Pfr-GAP profile 257 

(Supplementary Table 5). The Pfr-C-Phos profile was able to find 242 proteins from 258 

marine metagenomes and 23 from terrestrial metagenomes. The Pfr-B-Phos profile was 259 

able to find only 11 proteins from marine metagenomes. These results are in line with 260 

the initial phylogenetic tree results in the sense that class B proteins are poorly 261 

represented in marine and terrestrial ecosystems. 262 

This data confirmed that among non-characterized acid phosphatases, generic acid 263 

phosphatases and class C phosphatases were more abundant than class B, and that class 264 

C and GAP can be considered cosmopolitan proteins as they can be found in a wide range 265 

of niches. We found that among the set of non-characterized proteins 1 acid 266 

phosphatase could be rescued per 3,000 sequences in soil metagenomes while 1 acid 267 

phosphatase protein was found every 14,000 sequences in marine metagenomes. 268 

Because the quality of metagenomic sequences is non-homogeneous and because our 269 
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data are raw hit counts, at present we cannot make any conclusions regarding the 270 

biogeographic distribution of acid phosphatases based on metagenomic data. 271 

Considering the apparent abundance of these sequences, we explored whether the 272 

identified sequences were indeed acid phosphatases. To this end we choose two 273 

sequences with the highest Z-score from each acid phosphatase family (Supplementary 274 

Table 6) and synthesised the corresponding genes. We then cloned and expressed them 275 

in Escherichia coli and enzyme activity was determined in permeabilised whole cells 276 

using the Britton-Robinson poly-buffer. We found that the six metagenomic acid 277 

phosphatase had optimal activity at acidic pH (Table 2 and supplementary Table 7). 278 

These results further validate the ability of the profiles to find acid phosphatase enzymes 279 

from metagenomes. It is worth mentioning that although the MET_A1 enzyme exhibited 280 

the highest activity at pH 5.5 to 6, it had significant activity pH in the pH range between 281 

5 and 9 (Table 2).  282 

In order to further characterize in more detail, the kinetics properties of the 283 

metagenomic acid phosphatases, we purified three proteins (see Experimental 284 

Procedures) and the kinetics parameters determined using isothermal titration 285 

calorimetry (ITC) (Watt, 1990; Williams and Toone, 1993). The initial rate of reaction (Vo) 286 

with different concentrations of pNPP was determined from the slope of the linear 287 

portion of the curve of integrated heats versus time as described by Bianconi (2003). We 288 

found that values for Vo followed typical Michaelis-Menten kinetics and Kcat and KM were 289 

calculated by fitting the curve to the Michaelis-Menten kinetics equation using non-290 

linear regression (Ababou and Ladbury, 2006). For MET_A_1, M2-F62, and MET_C_1, 291 

values of KM were 49.3 ± 2.6 µM, 29.7 ± 0.02 µM and 23.8 ± 6.9 µM, respectively; and 292 

kcat were 0.63  s-1, 0.55 s-1 , and 0.26 s−1, respectively. Our results revealed that the 293 

substrate affinities were in the low micromolar range with up to 2-fold differences; kcat 294 

values differed by up to 2.5-fold. The KM  values we determined are lower than those  295 

measured for acid phosphatases from different sources using classical 296 

spectrophotometric assays (Reilly et al., 2009; Zhang et al., 2013; Wang et al., 2018). 297 

 298 

 299 
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CONCLUSIONS 300 

In conclusion, we have constructed a phylogenetic tree for acid phosphatases that 301 

grouped them into three branches. For each of the branches a Prosite profile was 302 

constructed and validated; the three profiles were shown to be effective in the 303 

differentiation of the three sets of acid phosphatases. These profiles were able to assign 304 

a set of proteins annotated as hypothetical proteins in databases as being acid 305 

phosphatases (Suppl. Table 4). We tested our ‘hits’ empirically and confirmed 306 

phosphatase activity at acidic pH. Use of these profiles and the underlying strategy could 307 

serve as a powerful approach to explore the role that acid phosphatases play in primary 308 

productivity in edaphic and aquatic environments.  309 

 310 

 311 

EXPERIMENTAL PROCEDURES 312 

 313 

Phylogenetic tree construction 314 

Sequences were downloaded from the Uniprot database by filtering proteins that 315 

belong to the Domain = bacteria and the annotation = acid phosphatase and 5’ 316 

nucleotidase lipoprotein ep4 family; the later corresponds to class C acid phosphatases. 317 

Using these filters (on April 26, 2019) we retrieved 4644 protein sequences. Muscle 318 

v3.8.1551 (Edgar, 2004) alignment software with parameter - maxiters 1000 was used 319 

to align the set of 4644 protein sequences and construct the phylogenetic tree. Very 320 

divergent sequences were filtered and removed from the alignment until a final set of 321 

3741 amino acid sequences were kept. The final set of sequences was aligned again 322 

using Muscle v3.8.1551 with the same parameters. Aligned sequences were used as 323 

input for the IQ-TREE software v1.6.10 (Nguyen et al., 2015) with parameters -nt AUTO, 324 

-bb 1000 -m TESTMERGE. The maximum likelihood tree was constructed following the 325 

model of evolution WAG with parameters F+R10 (IQ-TREE uses ModelFinder). 326 

Phylogenetic trees were plotted using the Interactive Tree of Life (iTOL) suite software 327 

v4 (Letunic and Bork, 2016). 328 

 329 
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Profile construction 330 

To construct PROSITE “generalized” profiles, first we established the “seed protein 331 

sequences” that would determine the sensitivity and average quality of the profiles. 332 

Once visualized, the phylogenetic tree branches annotated as class B phosphatases, 333 

class C and generic acid phosphatases were aligned separately and filtered according to 334 

observed divergences in the alignment. Then pfw and pfmake scripts from PFTOOLS v2.3 335 

(Gribskov et al., 1987; Sigrist et al., 2002; Bucher et al., 2015)  were used to compute 336 

new weights for each individual sequence from the multiple sequence alignment and to 337 

construct the profile respectively. The matrix BLOSUM 45 was selected for the 338 

construction of the profile. 339 

Pfsearch and pfscan were used to calibrate each profile against a calibration database. 340 

The calibration database was made from the entire collection of Swiss-Prot protein 341 

sequences filtered by Taxonomy = bacteria. The database contained a total of 334,009 342 

sequences that where shuffled randomly with a sliding window of 20 residues using the 343 

script fasta-shuffle-letters from MEME suite v5.0.2  (Bailey et al., 2015). 344 

Searches with the three profiles using Uniref100 database, a local database of 345 

representative bacterial and archaea sequences and hypothetical protein databases 346 

from metagenomic samples, were all done using pfscan script from PFTOOLS v2.3 with 347 

parameters -z -f (Bucher et al., 2013). 348 

 349 

Sequences in databases 350 

Uniref100 database was downloaded to be used locally in May, 2019. The set of protein 351 

FASTA sequences from representative strains was downloaded from the NCBI database 352 

in August, 2019. The set of representative strains was obtained via genome browse from 353 

NCBI https://www.ncbi.nlm.nih.gov/genome/browse#!/overview/ and then filtered by 354 

“archaea” AND “bacteria” AND “representative genome”. The two sets of hypothetical 355 

proteins used in these analyses were obtained from NCBI protein database using filters: 356 

“soil metagenome” AND “hypothetical protein” and “marine metagenome” AND 357 

“hypothetical protein” 358 

 359 

https://www.ncbi.nlm.nih.gov/genome/browse#!/overview/
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Construction of a functional soil metagenomic library 360 

Soil samples were taken from hydrocarbon polluted soil after land farming. High-361 

molecular-weight DNA extraction was performed from the soil using the commercial 362 

GNOME DNA kit (MP, Biomedicals) according to the manufacturer’s instructions. DNA 363 

fragments of approximately 40 kb were recovered and ligated into the pCC1FOS vector 364 

(Epicentre®), and the product was transduced into E. coli EPI300 (Raleigh et al., 2002) 365 

according to the manufacturer’s protocol. Screening for phosphatase activity was 366 

performed by replicating the metagenomic library onto agar LB plates with 40 mg per 367 

mL of 5-bromo-4-chloro-3-indolyl phosphate (BCIP Applichem, Darmstadt, Germany) as 368 

substrate, supplemented with 12.5 µg per mL chloramphenicol and 0.01% L-arabinose. 369 

Following replication, the colonies were incubated for 24 h at 37oC. A total of 64 clones 370 

with phosphatase activity were identified and detected as pale to dark blue colonies. A 371 

single clone, named M2-62, that turned deep blue on these plates was used for further 372 

analysis in this study. 373 

 374 

Cloning of putative acid phosphatases in Escherichia coli. 375 

DNA from Pyrococcus furiosus DSM 3638 and Bacillus subtilis DSM 204 were obtained 376 

from the DSMZ culture collection. The Bacillus subtilis gene was PCR amplified with the 377 

following primers 5`-TTGAACTACGAAATTTTTAAAGCAATCC-3` and 5`-378 

TTCTTAGAAATTTTGATCGGTTGG-3`, while the Pyrococcus gene was amplified using the 379 

following pair of primers 5’-ATGCTGGCAATACTTACGGCAA-3`and 5´-380 

TCACTTATCCACTTTAAAAAAGATGCGC-3´; amplified DNA was subsequently cloned into 381 

pTOPO and further subcloned into pET28 after digestion with NdeI and EcoRI. Plasmids 382 

were transformed into E. coli BL21 (DE3) (Studier et al., 2009). For amplification of the 383 

open reading frame encoding the AP-M2-62 protein, fosmid DNA was prepared and the 384 

following primers: 5'-CATATGAAAAAAATACCTGAACCCTTC-3’ (forward) and 5'-385 

GGATCCTCAGTGCTGGGTCAG-3’ (reverse) were used. Following PCR amplification, 386 

under standard conditions, the fragment was cloned into the pMBL vector to yield 387 

pMBL_FOSM2-62. The plasmid was subsequently digested with NdeI/BamHI and the 388 



14 

806 bp fragment bearing the ORF AP-M2-62 was cloned into pET28b (+) digested with 389 

the same enzymes (Table 1). 390 

 391 

Cloning of putative metagenomic acid phosphatases in Escherichia coli 392 

Protein sequences retrieved from metagenomic libraries with a high Z-score for GAP, 393 

class B and class C were manually curated.  The protein sequences were then translated 394 

into DNA sequences with optimized codon usage for E. coli, synthesized in vitro by 395 

Genescript, cloned into pET28 and expressed from the Plac . 396 

 397 

Growth of Escherichia coli and in vivo acid phosphatase activity. Escherichia coli BL21 398 

(DE3) transformed with the corresponding plasmid was grown in 100 mL conical flasks 399 

containing 25 mL of LB supplemented with 0.025 mg/mL kanamycin (pET28). Cultures 400 

were incubated at 37 oC with shaking until they reached a turbidity at 660 nm (OD660) of 401 

0.6, at which point 0.1 mM isopropyl--D-thiogalactopyranoside (IPTG) was added, to 402 

induce expression, incubation was continued overnight. After growth of E. coli the 403 

turbidity of the cultures was adjusted to 1 in 600 µL of lysis buffer (100 mM acetate, pH 404 

5.5,  CaCl2, 1 mM, and Tween 80, 0.01%  (or a drop of toluene) (Lassen et al., 2001). The 405 

assay was performed by combining 100 µL of permeabilized cells with 10 µL of a solution 406 

of 100 mM p-nitrophenyl phosphate (pNNP) dissolved in 0.1 M Na-acetate buffer, pH 407 

5.5. The reaction mixture was incubated for 30 min at 25°C. Subsequently, 100 µL of 0.5 408 

M sodium hydroxide in water was added to stop the reaction. The samples were then 409 

centrifuged in a bench centrifuge (5 min at 10000 rpm) and the absorbance at 405 nm 410 

was measured in a spectrophotometer. To determine the optimal pH range the Britton-411 

Robinson poly-buffer (40 mM boric acid, 40 mM acetic acid and 40 mM phosphoric acid) 412 

was adjusted with NaOH to a pH between 2 and 9 (Souri et al., 2013). Other conditions 413 

for the acid phosphatase assays are those mentioned above. 414 

 415 

Protein purification.  416 

For protein purification, cells were suspended in 25 mL of buffer A (50 mM  Hepes pH 417 

6.9; 300 mM NaCl; 1 mM dithiothreitol) with EDTA-free protease inhibitor mixture. Cells 418 
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were lysed by two passes through a French Press at a p.s.i. of 1000. The cell suspension 419 

was then centrifuged at 20,000 x g for 1 hour. The pellet was discarded and the 420 

supernatant was filtered and loaded onto a 5 mL His-Trap chelating column (GE 421 

Healthcare, St. Gibes, UK). The proteins were eluted with a 10 to 500 mM gradient of 422 

imidazol in buffer A. The purity of the eluate was determined by running 12% SDS-PAGE 423 

gels. Homogenous protein preparations were dialyzed overnight against buffer A but 424 

supplemented with 10% [v/v] glycerol). Dialyzed protein was collected at a 425 

concentration of about 1 mg/mL and stored in 1 mL aliquots at -80 oC. 426 

 427 
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Table 1: Strains and plasmids used in this study. 446 

 447 

 448 

Strains or plasmids Genotype or relevant characteristics Reference 
Escherichia coli EPI 300 recA1, endA1, araD139, rpsL, nupG, trfA Epicenter 

Escherichia coli BL21(DE3) F'/ ompI, hsdS, gal, dam, met 
(Studier et 
al., 2009) 

Plasmids   

pMBL Vector for cloning PCR amplicons, Ap Dominion 

pET28a Expression vector, 6xHis, Km Novagen 

pET28::FOS M2-62 
pET28 containing the complete gene encoding 
acid phosphatase FOSM 2-62 This study 

pET28:BSU 
pET28 containing the complete gene encoding 
acid phosphatase from Bacillus subtilis This study 

pET28:PYR 
pET28 containing the complete gene encoding 
acid phosphatase from Pyrococcus furiosus This study 

pET28:MET_A1 

pET28 containing the complete gene encoding 
the MEAT_A1  GAP  acid phosphatase deduced 
from environmental metagenomes This study 

pET28:MET_A2 

pET28 containing the complete gene encoding 
the MEAT_A2  GAP  acid phosphatase deduced 
from environmental metagenomes This study 

pET28:MET_B1 

pET28 containing the complete gene encoding 
the MEAT_B1  class B acid phosphatase deduced 
from environmental metagenomes This study 

pET28:MET_B2 

pET28 containing the complete gene encoding 
the MEAT_B2 class B acid phosphatase deduced 
from environmental metagenomes This study 

pET28:MET_C1 

pET28 containing the complete gene encoding 
the MEAT_C1  class C acid phosphatase deduced 
from environmental metagenomes This study 

pET28:MET_C2 

pET28 containing the complete gene encoding 
the MEAT_C2  class C acid phosphatase deduced 
from environmental metagenomes This study 

 449 

Ap and Km stand for resistance to ampicillin and kanamycin. 450 

 451 

 452 
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 453 

Table 2. Relative acid phosphatase activity of genes amplified from genomic DNA and 454 
recovered from metagenomic libraries at different pHs. 455 
 456 
 457 
 458 

Enzyme source 

pH MET_A1 MET_A2 MET_B1 MET_B2 MET_C1 MET_2 M2-62 Bacillus 

2 1 5 30 5 3 2 2 2 

3 9 15 30 59 23 8 8 15 

4 41 23 41 56 77 21 21 22 

5 79 90 50 55 106 30 85 90 

5.5 100 100 100 100 100 100 100 100 

6 97 16 73 43 61 80 98 97 

7 93 7 59 35 16 10 93 81 

8 71 1 39 17 7 9 47 30 

9 33 2 32 5 5 6 16 9 

 459 

 460 

The set of acid phosphatases were expressed in Escherichia coli and the assays carried 461 

out as described in Materials and Methods at different pH in Britton-Robisson poly-462 

buffer. Activities are expressed as relative activity, the maximum activity for all of the 463 

enzymes was at pH 5.5 and the corresponding value is considered 100% in each case. 464 

Results shown are the average of at least three replicates with standard deviations 465 

below 20% of the given values.  Supplementary Table 5 shows the activity for each 466 

enzyme at pH 5.5 in nanomoles of p-nitrophenol produced per minute per milligram of 467 

cell dry weight at 25oC.  468 

 469 
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 470 

 471 

 472 

Figure 1. Maximum likelihood phylogenetic tree of bacterial acid phosphatases. The 473 

maximum likelihood tree was inferred from a simultaneous comparison of 3741 protein 474 

sequences of bacterial acid phosphatases. Tree topology and branch lengths were 475 

calculated by maximum likelihood using the WAG+F+R10 model of evolution for amino 476 

acid sequences in lQ-TREE software Nguyen et al., 2015. The tree was rooted by using 477 

clade B as an outgroup that shows a clear separation between the three clades of acid 478 

phosphatase proteins. Colours of the branches represent levels of significance obtained 479 

in the bootstrapping analysis using 1000 bootstrap replications. Green indicates 480 

percentages close to 100% of confidence in the bootstraping analysis. The unrooted tree 481 

obtained using the same sample set it is shown in Supplementary Figure 1. 482 

 483 
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 484 

 485 

Figure 2. Taxonomic distribution of the number of sequences used to construct the 486 

three acid phosphatase profiles (Prf-GAP, Prf-B and Prf-C). Sequences were 487 

downloaded from the Uniprot database according to their functional annotation. The 488 

number of proteins per taxonomic group were plotted using ggplot2 library in R 489 

(Wickham et al., 2016). 490 

 491 

 492 

 493 

 494 

 495 
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 496 

 497 

Figure 3. Number of hits found by the constructed profiles of three classes of acid 498 

phosphatases (Prf-GAP, Prf-B and Prf-C). Using pfscan tool on protein sequences from 499 

the Uniref100 database (the last three columns on the right) and a local database of 500 

proteomes of 5639 representative bacterial and archaea genomes (the three most left 501 

columns) downloaded from NCBI. 502 
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